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ABSTRACT

Background: Publication and citation indicators depend heavily on the databases from which
they are derived; however, Scopus, Web of Science, Dimensions, and ORCID serve different
infrastructural roles. This study aims to evaluate the strengths and weaknesses of the
aforementioned platforms and aims to provide a design for researcher level comparison for
the years 2020-2025. For this, a secondary evidence synthesis was conducted. Evidence for
this synthesis was obtained from peer reviewed studies and from comparative studies and
were documented mainly in the years 2020 to 2025. Evidence of a quantitative nature was
described in the source studies. A primary data collection design was then described for study
populations of between 100 to 300 researchers and 1,000 to 5,000 research outputs. The
techniques and tools that were to be used for this design included DOI-first matching,
normalized-title matching, researcher identifiers, metadata-completeness indices, non-
parametric repeated-measures tests, agreement statistics, regressions, and sensitivity analysis.
Evidence shows that multiple databases provide a substantial amount of coverage that is non-
equivalent. One large multijournal study showed that 99.11% of the journals in the Web of

Science were also in Scopus, in Dimensions were also in Scopus were also in Web of

www.ijarp.com



http://www.ijarp.com/
http://www.ijarp.com/
https://doi-doi.org/101555/ijarp.2916

International Journal Advanced Research Publication

Science, and that Dimensions had about 48.17% more journals than Scopus. ORCID
facilitates strong identity linking and discoverability, yet profile completion and user
adoption remain low. No single platform provides a complete or functionally equivalent
representation of scholarly productivity. Multi-database triangulation, matching, field
normalization, identity verification, and expert review are required for rigorous
evaluation.Practical implications are as follows: This manuscript offers an auditable
framework addressing the needs of librarians, universities, research offices, and evaluators.
Originality/value: This manuscript creates a space for verified secondary benchmarks to be
accessed, thus eliminating the need for fabricated metrics that rely on proprietary exports

while allowing for a succinct and comprehensive research design.

KEYWORDS: Bibliometrics; Scientometrics; Scopus; Web of Science; Orcid; Dimensions;

Research Productivity; Citation Analysis.

1. INTRODUCTION

The evaluation of research now functions through an extensive network of bibliographic
databases, persistent identifiers, institutional research information systems and analytic
dashboards. Measures such as publication counts, citation counts, h-indices, indicators of
collaboration, and field-normalized metrics are often considered to be fixed attributes of a
researcher or an institution. In reality, they are merely snapshots produced by a specific
database, at a specific moment, and under a particular policy of indexing. Changing the
source may result in a new set of documents, a new citation graph, a new classification of
fields, a new treatment of document types, and a new attribution of document authors. Hence,
a database is not a neutral container, but an integral part of a measurement system (Visser et
al., 2021; Stahlschmidt& Stephen, 2022).

As commercial, multidisciplinary citation databases, Web of Science and Scopus the most
established systems. Both curate lists of sources, design citation networks, and provide author
and institutional evaluative analytic profiles. Their coverage is extensive, but, unaligned.
Differences impact citation of conference proceedings, books, regional journals, and non-
English publications, as well as works in fields whose communication practices do not adhere
to a journal-centric system. Recent analyses also reveal that citation indicators, which may
appear similar, can diverge as each database crawls a distinct citation network and applies

disparate data processing policies (Pranckuté, 2021; Singh et al., 2021).
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Dimensions extended the analysis by associating publications with grants, patents, clinical
trials, policy documents, datasets, and researchers. Its broader ingestion philosophy may
enhance recall and facilitate cross-domain analysis. However, describing platforms with
broader coverage as better is misleading. A platform that possesses more records may also
have more irrelevant records, more heterogeneous document types, and varied reference
completeness. On the other hand, a platform that is more selective may be more
homogeneous but may also contain all relevant, local, or applied research. The relevant
question is therefore not which database is the most satisfactory database overall, but which
database or combination of databases is the most satisfactory for the particular purpose of the

research assessment.

ORCID involves a different analysis altogether. This is not a citation-indexing database.
ORCID is a persistent person-identifier with an integrated system that connects researchers to
funding, positions, peer reviews and other research outputs. Its merit consists in the resolution
of research identities, and interoperability and control by the researcher. Considering ORCID
citation coverage like that of Scopus, Web of Science, or Dimensions, is misleading. ORCID
permits better matching and decreases name ambiguity, but an ORCID record is only as
complete as its adoptions, permissions, integrations, and researcher involvement (Teixeira da
Silva, 2020; Wang et al., 2024; Porter et al., 2025).

These functional discrepancies bring about real consequences. Indicators based on Scopus or
Web of Science may be required for promotion, accreditation, performance-related funding,
and ranking-related submissions. Indicators specific to Scopus or Web of Science may be
used by researchers to capture and present their impact. Integration of ORCID by research
and library services may be due to its inclusion in a CRIS. When custom indicators are not
reconciled, the same researcher may have different totals for publications, citations, h-
indices, collaboration profiles, and open access rates in different systems. When metrics are
used as a threshold instead of providing context, the discrepancies may result in serious
issues.

This paper addresses two needs. First, it provides a summary of comparable quantitative
findings based on published literature from 2020 to 2025 that can be cited. Second, a direct
comparison of researchers at this level using matched data from Scopus, Web of Science,
Dimensions and ORCID is facilitated by this paper in a way that can be readily analyzed.
This paper intentionally does not report unpublished record-level data due to the absence of

proprietary data. The secondary synthesis provides only data from verified sources, and all
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proposed inferential analyses are placed in the realm of the primary data. This separation is
crucial for the reproducibility and rigor of the methods described.

This paper captures the documented discrepancies in coverage of research outputs by the
platforms, features of the platforms, visibility of citations and completeness of metadata,
researcher identification, and researcher record deduplication, and provides a comprehensive
bibliometric and statistical framework. This paper captures the consequences of choosing a
specific research evaluation database, and proposes a prudent model that incorporates
multiple research evaluation databases. The primary research questions relate to the coverage
of research outputs by the platforms, the visibility of citations, the completeness of metadata,
and the extent to which platforms endorse ORCID, and the discipline(s) of the research, as

well as the consequences of using a single platform.

1.1 Research Aims

This research aims to do the following:

1. Analyze the coverage of publications and journals by Scopus, Web of Science and
Dimensions, and compare findings for the 2020-2025 evidence interval.

2. Analyze the differences that may be reported on citation-link coverage and also normalized
citation impact across the different citation-indexing services.

3. Analyze the coverage, and also the degree of coverage, of metadata bibliographic data that
are used for matching across different databases.

4. Analyze ORCID, not as a citation database, but as an identity, attribution, interoperability,
and visibility infrastructure.

5. Formulate a reproducible matching protocol for the benchmarking of researchers and
research institutes.

6. Propose a multi-source, Responsible Research Assessment framework.

1.2 Research Queries

This research seeks to answer the following:

7. What are the differences in coverage and overlap across documented coverage of Scopus,
Web of Science, and Dimensions?

8. What are the citation-link and impact differences that may be reported across the citation-
indexing services?

9. What metadata and identifiers are critical for matching across research platforms?

10. How reliable are ORCID records for author-level assessments?

www.ijarp.com
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11. What is the appropriate statistical modeling for bibliometric data that has a matching,
skewed, and zero-inflated distribution?

12. What suite of tools and services best enables a fair and reproducible assessment?

1.3 Primary Matched-Export Study Predictions

The following predictions, which cannot be validated retrospectively against the plethora of
studies that have been published, are put forth for when matched record exports becomes
available:

H1: There will be significant differences in coverage of publications by Scopus, Web of
Science, Dimensions, and outputs linked to ORCID.

H2: There will be significant differences in citation counts for Scopus, Web of Science, and
Dimensions for published works that are matched.

H3: There will be significant differences in the completeness of metadata across different
platforms.

- H4: Researcher-level publication and citation statistics are positively correlated across all
platforms but show a lack of perfect correlation.

- H5: Discipline, document type, language, presence of a DOI, and open-access status are all
predictors of multi-platform indexing.

- H6: The presence of a DOI positively impacts cross-database matching.

- H7: The completeness of an ORCID profile positively impacts the number of verified
outputs linked to the profile.

2. Literature Review

Since 2020, large-scale comparisons have focused less on simple size comparisons of the
databases and more on document overlap, citation-link completeness, and fitness for specific
assessment tasks. Visser et al. (2021) conducted a broad-scale comparison of Scopus, Web of
Science, Dimensions, Crossref, and Microsoft Academic, and demonstrated that the
differences in coverage were dependent on temporal, disciplinary, and document type
selectors. The main innovation in their methods was that citation-linked document matching
and citations must be the primary focus of database comparisons. A broad count of databases
may not capture whether matched records are scholarly, contain citations, and are fit for the
intended task.

Singh et al. (2021) presented a comprehensive quantitative analysis of journal coverage

across Web of Science, Scopus, and Dimensions. Their work demonstrated that the overlap
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among databases was very high, with substantial overlap among Web of Science and Scopus.
However, Dimensions has considerably more journals. Significant overlap coupled with
significant unique coverage is a case of high synergy along the core with meaningful
difference of coverage along the margins. Such margins are likely to be impacted by
language, geography, discipline, and source selection.

Citation coverage demonstrates a similar core-periphery pattern. In the study by Martin-
Martin et al. (2021), over three million citations across 2,515 highly-cited documents were
examined. Dimensions captures most of the citation links that Scopus and Web of Science
contain, but coverage varies by discipline and is consistently poor in many areas of the
humanities. Thus, citation counts are not synonymous. An author's research impact is not
objectively assessed based on the quality of their work, which can be evidenced by the
difference in citing documents.

Guerrero-Bote et al. (2021) analyzed Scopus and Dimensions at the country and institutional
levels and illustrated that large datasets do not entail the same representation at the country or
institutional levels. This point was elaborated on by Stahlschmidt and Stephen (2022), who
analyzed the structures of citation networks and normalized impacts in Web of Science,
Scopus, and Dimensions, and showed that for the 41,848 publications that were common to
the three databases, there were system-specific variations in normalized impact, especially in
relation to applied research. The outcome of this study indicates that field normalization fails
when there are system differences in the citation networks and the reference networks, and
citation networks.

Pranckuté (2021) compiled the long-standing Web of Science-Scopus discussion and argued
that coverage, ease of use, metrics, ease of export, and the research question all determine
what database to use. The review noted that the coverage of books and conference
proceedings is especially problematic for fields that rely heavily on these outputs, a source of
major inequity across fields. Evaluation frameworks that rely on journal-based databases
neglect the arts, humanities, computer science, and social research, and locally focused social
research, even when the databases are operating as intended.

Separating metadata quality from breadth means considering other dimensions. For cross-
platform matching, accuracy, normalization, author order, journal codes, volume, pagination,
affiliations, and reference lists are critical. biblioverlap, an R package developed by Vieira
and Leta (2024), responds to a need for matching bibliographic datasets, with a focus on the
auditable cross-source integration. Culbert and colleagues (2025) considered 16.8 million

publications from OpenAlex, Web of Science, and Scopus. They reported that, although
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reference coverage was similar across the three databases, OpenAlex had more coverage of
authors’ ORCID identifiers, provided an average of fewer authors’ abstracts, and had a
coverage of open access indicators that was similar to that of the other databases. The main
point is that no single platform is the best for addressing every metadata issue.

The analysis of funding metadata related to the same publication can also provide different
results. Kokol and colleagues (2023) analyzed the coverage of funding information in Scopus
and in Web of Science, and in the coverage of the selected medical journals, platform-
dependent discrepancies were observed. Funding acknowledgements provide evidence of the
sponsors of research and can indicate the outcomes of research, and incomplete coverage can
distort the analysis of sponsors. The same problems can be identified with authors’
affiliations and with the normalization of organizations, especially when institutions merge,
change names, or publish in different languages.

ORCID is a solution for the identity layer, not the citation layer. While acknowledging
ORCID’s merits, Teixeira da Silva (2020) expressed concerns about the involuntary use of
ORCID, data quality, and research integrity. Wang et al. (2024) explored the potential of
using ORCID for curriculum vitae (CV) analysis and identified inconsistencies in the extent
to which ORCID profile fields are populated. Porter et al. (2025) explored the use of ORCID,
showing that individual and contextual factors influence the extent of ORCID registration.
Houghton and Foster (2024) explored the perception of ORCID among academics and
identified resistance to the use of ORCID, perceiving it as an administrative task and a form
of surveillance. Collectively, these studies demonstrate that it is a misconception to think that
a publication is absent when it is not linked to ORCID.

Notably, use of ORCID improves the ability to discover and attribute research. Ibrahim and
Ramzy (2025) studied the use of ORCID among 569,038 publications from Arab universities
in the Web of Science and employed propensity-score matching with 17 covariates. They
identified positive associations between the use of ORCID and publication, use, and citation,
and were the first to provide evidence of the benefits of using ORCID for discovering and
citing research.

Author-name disambiguation continues to be a major issue in bibliometrics. Names may be
changed, initials may be used, names may be altered through transliteration, names may be
compound, and affiliations may be fluid. For example, researchers may be split into different
profiles or merged into one due to the nature of their names and fluid affiliations. One
example of this problematic nature is seen in the work of Kim et al. (2021) as they utilize

ORCID to create labeled data sets to test author disambiguation methods. Also contributing
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to this area of research is Cappelli et al. (2025). They focus on deep learning and cite the need
for persistent identifiers and improved metadata. They state that persistent identifiers alone
cannot achieve reliable author-level benchmarks. Such benchmarks must also incorporate
DOIs, authorship, and topical data, and be supported by a manual review for ambiguous
cases.

Greater attention has been paid to outlining methods. This is exemplified in the bibliometric
research of Donthu et al. (2021), Mukherjee et al. (2022), Moral-Muioz et al. (2020), and
Oztiirk et al. (2024). Research by Lim et al. (2024) advocates for the combination and
cleansing of data in advance of the application of multiple tools. Montazeri et al. (2023)
attempt to establish the minimal requirements for reporting in biomedicine in the context of
bibliometrics, while Page et al. (2021) and Rethlefsen et al. (2021) advocate for tenets of
transparent search and selection. Together these published works advise that transparent data
retrieval methods and thorough data cleansing are of utmost importance and cannot be
substituted for with aesthetically pleasing data visualization.

Responsible assessment frameworks include normative constraints. The Leiden Manifesto
proposes that quantitative evaluations should be used to complement expert evaluations, not
to replace them (Hicks et al., 2015). DORA advocates against the use of bibliometric journal
rankings to assess the quality of single articles or researchers. Moed (2020) and Thelwall
(2020) argue that bibliometric indicators should only be used with respect to the mission of
the institution, the academic field, the stage of the career, and the data constraints. This study
supports Moed (2020) and Thelwall (2020) by assuming that a bibliographic database
comparison is the basis for fair interpretation of the results.

Several reviews, including Aria and Cuccurullo (2017), have proposed bibliometrics
workflows, while Passas (2024), Gonzalez-Alcaide (2021), and Hulland (2024) noted that
bibliometric reviews should involve manual design steps and cannot rely on automated
charting. Because citations are not evenly distributed, a journal-based median is preferable to
an average (Kiesslich et al., 2021). Narrative bibliometrics and responsible assessment push
for contextual interpretation that is transparent and sophisticated, rather than simplified
ranking (Coalition for Advancing Research Assessment, 2022; Torres-Salinas et al., 2024;
UNESCO, 2021).

The primary research gap is the tendency to treat four disparate systems as one in a league
table. When direct comparisons are made, they are only made on two or three citation
databases. In many cases, ORCID is either left out or included as just another profile source.

The design must separate indexing and identity, and determine which of the hypotheses are
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dependent on matched gated data. The current paper aims to bridge this gap by using verified
comparative data and a comprehensive protocol that prescribes detailed steps following the

provision of data exports.

3. Conceptual Framework

A framework that conceptualizes scholarly productivity incorporates five interrelated layers.
The first layer is platform design, which includes proprietary ownership, source selection,
document design, updates, citation construction, and access; the second layer is the
observable quality of data, which includes coverage, metadata, persistent identifiers, author
affiliations, document types, and reference links; the third layer is the metrics, which includes
publication counts, citation counts, h-indices, collaboration metrics, and normalized impact;
the fourth layer is reconciliation, which includes removal of duplicates, matching, field
normalization, and a challenge to the data’s validity; and the fifth layer, the use of the data,
combines quantitative data with qualitative assessments, and is framed by the institution’s
mission, the discipline, and a theory of responsible assessment. When there is a distortion or
bias at the beginning of the process, all subsequent measures will be affected. Thus, all layers

must be documented.

Platform architecture Coverage, metadata Observed productivity
& indexing policy & identifier quality & citation indicators
Matching, normalization Responsible research
& field adjustment assessment decisions

Database choice affects measured output; transparent matching and contextual interpretation are therefore necessary.

Figure 1. Conceptual framework linking platform architecture to evaluation outcomes.

Source: Author-developed synthesis.

4. MATERIALS AND METHODS
4.1 Research Design
The completed manuscript employs a two-part design. A synthesizes secondary evidence,

mainly focused on the years 2020-2025, from peer-reviewed articles and comparative studies,
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as well as the documentation from authoritative platforms. B presents a prospectively defined
protocol for direct matched-record analysis of researchers and their outputs for the period of 1
January 2020 to 31 December 2025. The separation was done to avoid the confusion of the

original platform-export results with published benchmarks.

4.2 Evidence Identification and Eligibility

Through specific searches evidence was identified on the comparative coverage, citation, and
metadata; author disambiguation; the adoption of ORCID; bibliometrics; and responsible
research assessment. The main focus was on peer-reviewed articles that contained datasets,
clear methods, and quantitative results, as well as the documentation that described the
functions of the platforms. Research was included if it analyzed at least one of the platforms
of interest and addressed coverage, citation, metadata, identity, and matching or evaluation.
Methodological promotions that lacked transparency were considered inappropriate and were
removed from the corpus. Due to the lack of homogeneity of outcomes, units, time periods,
and denominators, this corpus was a structured base of evidence and not a formal meta-

analysis.

Table 1. Functional distinction among the four platforms.

Platform Primary role Core analytical value Key caution
Web of | Curated Selective source coverage, | Metrics reflect its curated
Science Core | bibliographic and | cited-reference searching, | source and citation
Collection citation index author/institution analytics | universe
B Itidiscipli o
Curated  abstract road multidisciplinary Coverage and citation
... | coverage, profiles, ) .
Scopus and citation | . . . totals are not identical to
citations, affiliation and .
database ) . Web of Science
journal metrics
Linked research- | Broad publications plus|Broad ingestion requires
Dimensions information and | grants, patents, trials, |careful  filtering and
citation platform policy and related entities | matching
Persistent .
. . Not a conventional
researcher Identity resolution, citation database: profile
ORCID identifier and | attribution, portability and > PIOT
. a1 completeness 1s
profile interoperability . )
. user/integration dependent
infrastructure

Note. Platform descriptions reflect functional roles documented by the platform providers and

evaluated in the comparative literature. ORCID is intentionally not ranked as a citation index.
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4.3 Proposed Unit of Analysis and Sampling

The ideal primary unit is the researcher (nested in department and institution) with their
publications tracked as repeated observations. An adequate sample is believed to comprise
100-300 active researchers from all the sciences and fields. To achieve a stratified sample,
the sample ought to reflect balance by discipline, career stage, and institution. Strong
identifiers or a verified combination of bibliographic fields will enable identification of
publications in the time frame 2020-2025. The anticipated analytical corpus is 1,000-5,000

unique outputs in a given framework, following cross-platform deduplication.

4.4 Search and Export Strategy

To enumerate researchers, the most reliable source of institutional lists should be consulted.
For each researcher, the following should be recorded (in order): (a) ORCID 1D, (b) Scopus
Author ID, (c) ResearcherID (Web of Science), (d) Researcher ID (Dimensions), (¢) name
variations, and (f) history of affiliations. Search the platforms in the order given above for
each identifier. All other searches may be conducted as name—affiliation searches. Each
export should document the exact search criteria, retained filters, export timestamp, and the
cited fields. Because citation counts change over time, platforms must be searched in a time

optimal manner. The date each search was conducted should be recorded at the citation level.

4.5 Record Matching and Deduplication

Matching is performed in steps. The most powerful publication-level key is the exact
normalized DOI. Normalization of the DOI involves the removal of protocol prefixes,
resolver domain, whitespace, trailing punctuation, and case sensitivity. When a record lacks a
DOI, it is matched using the normalized citation via the publication year, the first author, the
source’s title, volume, issue, pages or article number, and the co-author’s pattern. When
attempting to match titles, exact match is preferred, otherwise, fuzzy matching of the title
with token-set similarity is used. A threshold of 95 is considered an automatic acceptance, 90
- 94 is accepted for a manual review, whereas a score below 90 is considered a non-match in
absence of validation from other fields. Variants of conference papers and early access
articles undergo a separate review due to differences in titles and publication years. A

confidence code and an audit note are provided for each matched record.

4.6 Metadata Completeness Indices
The computation of the completeness of metadata for bibliographic sources is done using the

equation MCI = 100 * (fields present)/(fields assessed) and involves the assessment of data
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on the following: DOI, title, full author list, full author affiliations, abstract, author keywords,
source, document, and metadata on the publication, citation and reference, OA status,
funding, researcher ID, and subject. In the primary analysis, all fields are assigned equal
weight. In the secondary analysis, fields may be weighted differently. ORCID is assessed
through a separate Profile Completeness Index and includes a verified domain email, or other
trusted affiliations, along with an assessment of employment, education, associated peer
reviewed and other works, and funding. Completeness of data is assessed for each individual

field and is not hidden in an aggregated score.

4.7 Bibliometric Indicators

Researcher-level indicators include total number of publications, total number of citations,
median citations, mean citations, interquartile range, h-index, i10-index, share of research
outputs that are uncited, annual growth of research outputs, the percentage of research
outputs that are open-access, the rate of international collaboration, the number of sources
that indexed the researcher’s works (one, two, three, or four sources), among other indicators.
Document-level indicators include the presence of the document in four platforms, total
citations by source, presence of DOI, open-access status, type of collaboration, funding
acknowledgment, field of research, and a completeness score for the metadata. Since citation
distributions are right-skewed, means should be complemented by medians and percentiles as

well as log-transformed or count-regression models.

4.8 Statistical Analysis

Descriptive analysis must include a full account of skewness and kurtosis as well as 95%
confidence intervals. Shapiro—Wilk tests should be used to assess publication status across
four platforms, which is a repeated binary outcome, along with the histograms and Q—Q
plots. Frequencies may be analyzed using Cochran Q test and subsequently by McNemar test
with Holm correction. Citation counts for Scopus, Web of Science, and Dimensions should
be analyzed using Friedman test and paired Wilcoxon signed-rank test, as citation counts are
skewed and contain ties. Spearman rank correlation should be employed for citation counts
across all platforms. Intraclass correlation should be used along with a Bland—Altman plot to
assess the degree of agreement across the citation platforms.

To examine the predictors of multi-platform coverage, mixed-effects logistic regression can
be performed, having publications nested within researchers or institutions. Due to the

expected overdispersion, citation counts can be modeled using negative-binomial regression.
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If there are a substantial number of outputs that have never been cited, a zero-inflated model

can be used. Some possible predictors to be included are the presence of a DOI, publication

accessibility, the year of publication, type of document, level of collaboration (international),

funding, publication language, field of research, and the journal. Regarding the presence of

metadata, Friedman or mixed-effects ordinal/linear regression can be used to assess

differences, depending on the distribution of the scores. Model diagnostics and multiple-

testing corrections should always be provided, along with effect sizes, confidence intervals,

and exact p-values.

Researcher roster.
& identifiers

Platform exports
2020-2025

-

DOl/title
normalization

Cross-platform
matching

Statistical &
network analysis

Responsible
interpretation

Mandatory audit trail: query, retrieval timestamp, export fields, matching thresholds, exclusions, code version, and sensitivity analyses.

Figure 2. Reproducible primary-data pipeline. Source: Author-developed protocol.

Table 2. Verified evidence corpus used in the secondary synthesis.

Source Platforms Unit/method Contribution
Large-scale
Visser et al Sc;op us, WosS, document and | Coverage varies by field,
(2021) Dimensions, Crossref, citation-link year, and document type
Microsoft Academic ’ '
coverage
Singh et al.|WoS, Scopus, | Journal lists and H}gh . shared 'core;
. . Dimensions broader; WoS
(2021) Dimensions country outputs .
more selective.
Martin-Martin et | Scopus, WoS, [ 3,073,351 citations | Citation coverage differs

al. (2021)

Dimensions and others

to 2,515 documents

across 252 categories.

Country- and | Global breadth does not
Guerrero-Bote et . . I . .
al. (2021) Scopus, Dimensions institution-level produce identical local
) outputs representation.
Pranckute (2021) | WoS, Scopus Critical comparative | Database choice depends

www.ijarp.com
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Source Platforms Unit/method Contribution
review on purpose, coverage,
metrics, and export limits.
Stahlschmidtd Wos, Scopus, Citation networks; Norn?ahzed impact
Stephen (2022) Dimensions 41,848 shared | remains database
publications dependent.
Kokol et al. Funding metadata in Funding-information
WoS, Scopus L2, coverage  differs by
(2023) medical journals
platform.
Wang et al ORCID Academic-profile Profile fields are unevenly
(2024) data availability complete.

Vieira & Leta

Multiple bibliographic

Document matching

Matching must be explicit,

(2024) datasets and R package normalized, and auditable.
Academic and | Adoption may be
II;I(());E?E(Z)I(;Z 4) & ORCID librarian constrained by burden and
perceptions monitoring concerns.
Culbert ot al.|OpenAlex,  WoS, | 16.8 million shared CR:&;Z?:;C_ coverage
(2025) Scopus publications strengths differ.
Adoption is patterned and
Porter = et al. ORCID Researcher adoption | should not be assumed
(2025)
universal.
Ibrahim &Ramzy |ORCID in  WoS 569’(.)38. ORCI.D 'avallablhty
(2025) metadata publications; associated with greater

propensity matching

usage and citations.

Cappelli et al. | Author-disambiguation . . Persistent 1der%t1ﬁe.rs
. Systematic review | complement algorithmic
(2025) literature . . .
disambiguation.
Nowakowska o . Preprocessing Cleaning decisions
(2025) Bibliometric datasets framework materially affect analysis.
Scheidsteger et W.OS’ . Scopus, Field-normalized Normalized scores remain
al. (2025) Dimensions, impact comparison | source sensitive
) OpenAlex '

Table 3. Quantitative benchmarks extracted from comparative studies.

Source Benchmark Reported Interpretive boundary
value
Singh et al. (2021) WoS journals also in 99.11% Journal-‘level master-list
Scopus comparison
Singh et al. (2021) WoS journals also in|96.61% Journal-level =~ master-list
[ w ]
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Source Benchmark Reported Interpretive boundary
value

Dimensions comparison

Singh et al. (2021) S(fopus ‘ journals also in 96.42% Journal-'level master-list
Dimensions comparison

. Dimensions additional o Relative breadth reported
Singh et al. (2021) journals vs WoS 82.22% by authors
Singh et al. (2021) Dimensions additional 48.17% Relative breadth reported

journals vs Scopus

by authors

Martin-Martin et al.
(2021)

Scopus citations captured
by Dimensions

84%

Highly cited
multidisciplinary corpus

Martin-Martin et al.

WoS citations captured by

Highly cited

()
(2021) Dimensions 88% multidisciplinary corpus
Stahlschmidt& Publications shared by all 41.848 Normalized impact
Stephen (2022) three databases ’ comparison
Recent publications Cleaned reference-

Culbert et al. (2025)

shared by three databases

16.8 million

coverage comparison

Ibrahim &Ramzy

Arab-university

(2025) publication dataset 569,038 WoS records, 2019-2023
Ibrahim &Ramzy | Covariates used in 17 Adjustment for selection
(2025) propensity matching and confounding

Table 4. Variables for the proposed matched-record dataset.

Domain Variables Level Coding/derivation
Researcher 1D, ORCID, Scopus Validated

Identity ID, ResearcherID, Dimensions | Researcher identifiers and
ID, name variants affiliation history
DOI, title, authors, source, year, Raw lus

Bibliographic | volume,  issue, pages/article | Publication . P

normalized values
number
Present in . Binary 1/0 with

Coverage Scopus/WoS/Dimensions/ORCID Publication retrieval date
Citation counts, h-index, il0, . Platform-specific;

Impact . Publication/researcher | never merged
uncited status .

without label
Abstract, keywords, affiliations, .

Metadata funding, references, OA, | Publication Field presence and
: ! completeness score
identifiers

(15 ]
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Domain Variables Level Coding/derivation
Field, institution, country, Harmonized

Context language, document type, | Publication/researcher | controlled
collaboration categories
Query, export file, timestamp, .

Audit match  method, confidence, | Record Requlred' .. for

. reproducibility

reviewer

Table S. Statistical analysis plan for primary platform exports.

O ETT e Recommended Effect/agreement |Key  assumption or

method statistic diagnostic
Odds ratios; | Same
Platform  presence | Cochran Q matched publications/researchers

across four sources

pairwise McNemar

proportions measured repeatedly

Citation counts | Friedman;  paired | Kendall W; rank- | Skewed paired counts; ties
across three sources | Wilcoxon biserial effect handled
Reseqrcher indicator Spearm?m rho with 95% CI Monotonic relationship
association correlation

ICC and Bland-|ICC; mean bias; | Inspect heteroscedasticity
Absolute agreement o

Altman limits of agreement | and scale
Metadata Friedman or mixed- | Kendall Y /| Score distribution and
completeness effects model standardized beta | repeated records
Multi-platform Mixed-effects Adjusted odds | Nested publications and
indexing logistic regression | ratios researcher random effects
Citation visibility NegatlYe binomia nqldence rate Qver41spers10n, Zero

regression ratios inflation

DOI-only, article-

e only, outlier- . . Pre-specified  alternative

Sensitivity frimmed, field- Change in estimates definitions

normalized

Aiding performance analysis will be Bibliometrix/Biblioshiny within R, and for network

visualization, either VOSviewer or Gephi. Python or R will be necessary for data cleaning

and statistical modeling, along with OpenRefine for authority normalization. Auditable

inspection in Excel will be the only use of the program, and will refrain from using it as the

main engine for analysis. Methodology will dictate software and tools selection will be in

accordance with an analysis scheme. Package versioning along with session information will

be preserved. The benchmarks for bibliometric reporting as well as recent forms of
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bibliometric reporting critique (Montazeri et al., 2023; Koo& Lin, 2023; Li et al., 2024) will
be the basis for reporting.

4.9 Ethical and Reproducibility Considerations

Bibliographic metadata along with researcher information that is public, or licensed to the
institution, will comprise the data of the study. In accordance with ethical data practice, the
data will be secured and unidentifiable researchers will not be ranked publicly. The visibility
settings of ORCID will be honored. When licensing allows, analysis plans, along with the
code, a variable dictionary, matching rules, and the results in their aggregate form will be

made available. Otherwise, unpublished conclusions will be drawn.

5. RESULTS

5.1 Nature of the Results

The following results will be a secondary synthesis from verified, published, and publicly
accessible research. These results will not be comparable to an unpublished database export.
Any analysis requiring a more granular export of data for record-level concordance, such as
Friedman tests of citation counts, co-authorship networks, citation analysis, h-index
comparison, Bland-Altman analysis, or regression, will be restricted to a future date when
source data have been published. This restriction is a methodological limitation, and is not to
obfuscate missing data.

5.2 Coverage and Overlap

The most comparable data come from Singh et al. (2021). According to the study, 99.11% of
journals in Web of Science were also in Scopus, and 96.61% were in Dimensions. Singh et al.
also report that 96.42% of Scopus journals were in Dimensions. For mean inclusion (sample
SD 1.50; range 96.42-99.11), a mean of 97.38% was calculated across the three. While the
average suggests a significant degree of overlap, the mean should not be interpreted as the
inclusion in the three, since the journals included in the three comparisons are not the same,

and at the same time, unique sources can impact the field, language and country profiles.

www.ijarp.com
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Published pairwise journal inclusion benchmarks

100

99.11%

98 A

96.42%
96

94 ~

Percentage included

92 A

90 -

WoS journals WoS journals Scopus journals
in Scopus in Dimensions in Dimensions

Figure 3. Published pairwise journal inclusion benchmarks. Data source: Singh et al.

(2021).

Dimensions was reported to cover 82.22% more journals than Web of Science and 48.17%
more than Scopus. The mean relative advantage across these two comparisons was 65.20%
(sample SD 24.08). The wide difference between the two percentages reflects Scopus’s
broader source coverage relative to Web of Science while confirming the more expansive
Dimensions universe. Breadth, however, is only one quality dimension; evaluators must still

consider curation, document type, metadata, and relevance.

Reported relative journal breadth of Dimensions

82.22%
__ 807
B.Q
o
o
©
% 60
et 48.17%
E . (]
£
2 a0
©
c
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=
g
2 201
0 =
Compared with Compared with
Web of Science Scopus

Figure 4. Reported relative journal breadth of Dimensions. Data source: Singh et al.

(2021).
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5.3 Citation-Link Coverage and Impact

Martin-Martin et al. (2021) analyzed 3,073,351 citations to 2,515 highly cited English-
language documents across 252 subject categories. Dimensions contained 84% of the
citations found by Scopus and 88% of those found by Web of Science, an average inclusion
of 86.0% (sample SD 2.83). Dimensions found more citations than Web of Science in 185
categories but more than Scopus in only 36, illustrating that aggregate coverage and field-
level performance can diverge. The reported humanities gaps reinforce the need for
disciplinary stratification.

100 Published citation-link inclusion benchmarks

88%
84%

80 +

60 -

40 A

Citation links captured (%)

20 A

Scopus citations WoS citations
found by Dimensions found by Dimensions

Figure 5. Published citation-link inclusion benchmarks. Data source: Martin-Martin et al.

(2021).

Stahlschmidt and Stephen (2022) examined 41,848 publications from three commercial
databases and determined citation impacts, which were still disparate. The applied-research
sectors were stronger (in relative terms) in Scopus and Dimensions, as opposed to Web of
Science. This conflicts with the claim that field citation normalization, in effect, abolishes
database implications. Normalization concerns cite reference groups, but the reference group

is database dependent.

5.4 Metadata Completeness and Matching
Studies dealing with the evaluation of metadata are complementary in nature, instead of
singularly winning. Culbert et al. (2025) examined 16.8 million publications from OpenAlex,

Web of Science, and Scopus. Their average reference counts, and internal reference coverage,
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were similar, but metadata differed and were field dependent. OpenAlex, for example,
contained more ORCID iDs and had fewer abstracts, but had an equal number of open-access
indicators. This finding is important, as it shows that a database may be strong in identifiers,
and in openness, but weak in descriptive text. Adding to this, Vieira and Leta (2024) showed
that precise normalization and matching software had to be employed in order to conduct a
cross-database analysis. Any simplistic form of cross-database analysis, such as title
matching, was highly discouraged.

According to the ORCID evidence, there are two findings to mention. First, discoverability
and identity linkage improves with ORCID. In an empirical study by Ibrahim and Ramzy
(2025), 569,038 Web of Science publications were used, and by employing a propensity-
score matching technique which included 17 covariates, significant positive effects were
found regarding the availability of ORCID on usage and citation (p <.001). Second, ORCID
cannot be presumed to be complete. Wang et al. (2024) talked about the inconsistent
availability on profile fields and Porter et al. (2025) talked about inconsistent adoption.
Through their research, Houghton and Foster (2024) had noted the uneasiness regarding the
burden of administration and the constant need to check. Because of this, the ORCID-linked
output count should be seen best as a completeness measure of linkage and not as a total

count of the researcher’s publications.

5.6 Evidence Distribution and Functional Roles

The verified corpus for this manuscript was coded by evidence domain. Eight sources
provided evidence on methods or responsible assessment. Seven sources provided evidence
on coverage and overlap; six sources provided evidence on metadata and matching; six
sources provided evidence on ORCID or identity and five sources provided evidence on
citation impact. Due to the nature of the field, overlaps in the categories were expected. The
strongest areas of literature were shown to be coverage and methods; however, there are still

a lack of direct researcher-level studies in the four-platform literature.
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Topical distribution of the verified evidence corpus

Methods/RRA

ORCID/identity

Metadata/matching

Citation impact

Coverage/overlap

o] 1 2 3 4 5 6 7 8 9
Number of included sources contributing evidence

Figure 6. Topical distribution of the verified evidence corpus. Categories are non-

exclusive.

An evidence-informed functional matrix was created to clarify role differentiation. The scores
are ordinal interpretive ratings, not platform metrics. Web of Science and Scopus receive the
strongest role in citation analytics; Dimensions receives the strongest role in breadth and
linked metadata; ORCID receives the strongest role in identity and interoperability. The zero

assigned to ORCID citation analytics indicates non-applicability, not poor performance.

Evidence-informed functional role matrix (O = not applicable; 5 = strongest role%

Coverage breadth

Citation analytics

Researcher identity

Metadata richness

Openness/interoperability

ef\g‘.\ons O"‘c‘\0

. e NE]
\e(‘(* CO‘)
S o

Wev of 5

Figure 7. Evidence-informed functional role matrix. Scores summarize role strength and

are not empirical platform-quality measures.
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Table 6. Evidence-synthesis findings by evaluation domain.

Domain Synthesis finding Confidence | Implication
Large shared core coexists with
. . . ) Report overlap and
Journal/publication |meaningful unique coverage; | ;. h
. - . High unique records, not
breadth Dimensions is generally broader only totals
and WoS more selective. Y '
Citation links and counts are iizi;?liwheggzgggzi
Citation visibility source dependent and vary by | High tests, and field
field. ; .
stratification.
Identify the source
Normalized impact Field normalization does not|Moderate— |and reference set for
P fully eliminate database effects. | high every normalized
metric.
Calculate  field-level
Metadata No platform is uniformly most High missingness and a
complete across all fields. transparent
completeness index.
Strong  for  identity and }ijrile(a . Snlzcvlalljl datig(r)lr
ORCID interoperability; incomplete as a | High £ | PN
L not direct citation
publication census. .
comparison.
Research Single-source  rankings  risk | ... Trlangulatg sourees
. . High and combine metrics
assessment database-induced bias.

with expert judgment.

Table 7. Status of the proposed hypotheses.

Hypothesis

Secondary evidence status

Primary-data decision rule

H1 Coverage differs

Supported conceptually by multiple
direct comparisons; not re-tested
without exports.

Cochran Q p < .05 plus
corrected pairwise
comparisons.

Friedman p < .05, effect size,

H2 Citation counts | Strongly suggested by citation-| .~ . .
. gy Sugs Y pairwise Wilcoxon, Bland—
differ coverage studies. .
Altman bias.
Repeated-measures
H3 Metadata | Supported by field-level .
. . comparison of completeness
completeness differs comparisons. .
scores and field missingness.
H4 Indicators correlate . . . |Spearman rtho plus ICC;
Consistent ~ with ~ comparative .
but lack perfect | .. correlation  alone  cannot
literature. .
agreement establish agreement.
H5 Context predicts | Plausible and repeatedly observed | Mixed-effects logistic
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Hypothesis Secondary evidence status Primary-data decision rule
indexing by field/type. regression with adjusted odds
ratios.

H6  DOI  predicts | Methodologically expected; not|Adjusted odds ratio for
matching estimated here. successful multi-source match.

H7 ORCID ) .. ) Regression of verified-linked-
completeness predicts Supported in principle; requires output proportion on profile
omp p profile-level data. tput prop P
linked works completeness.

6. DISCUSSION

The primary conclusion is that impact divergence is database dependent. Web of Science,
Scopus, and Dimensions have enough overlapping content that they can provide roughly the
same information for a given context. However, the uniqueness and divergent indexing of
content, left and right of the overlapping core, is large enough to shift totals, ranks, field, and
assessment profiles and institutional comparisons. The data does not show a singular order of
supremacy of one platform over all the others. Findings support a modular system where the
coverage, curation, metadata, and identity components, as well as openness and analytics, are

considered separately and impact system design differently.

Dimensions supports discovery and assists in locating applied, regional, and other non-
conventional literature that may be missing from selective databases. More coverage means
more data that needs to be filtered and deduplicated. Web of Science' selectivity makes a
reliable analytical environment, while making some literature more difficult to locate. Scopus
balances both sides as it offers advanced analytics and a wider, more, multi-disciplinary
coverage. Each of their strengths and weaknesses may lead to different publication counts
and different metrics for the same search query.

Citation discrepancies represent more than technical inaccuracies. Each platform builds its
citation graph using indexed sources and citation references that have been properly
identified and matched. Absent citing documents result in absent citations. References that
are either incomplete or unmatched will result in lost citation links. When early-access and
final versions are separated, citation count may be split as well. What emerges is a citation
impact picture for individual platforms. While a high Spearman correlation between
platforms may give reassurance to evaluators that a broad agreement will be reached, it does

not eliminate the possibility of systematic distortion for platform-specific citation counts and
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for specific groups. That is why, for this picture to be complete, agreement analysis is
required.

Findings on normalized impact are of great significance. Evaluation of citations in the context
of field-normalized metrics assumes that the only thing that changes is the database, as each
citation gets compared to a field and a year-specific reference set. In reality, the platforms
differ in field categorization, included documents, document types, citation windows, and
links. Stahlschmidt and Stephen (2022) provided an example where, even for documents
available in all three repositories, completely different normalized valuations were assigned
to different sectors. Hence, each normalized indicator must specify the database, the field
system, the document-type specifications, and the date of the computation.

Determining the completeness of metadata establishes the feasibility of performing cross-
platform assessments. Among publication keys, the DOI is the most practical, but coverage is
inconsistent, and DOI strings may contain errors. Matching of titles and authors relies on
different levels of robustness and is subject to various forms of disruption. The best approach
balances reliability and comprehensiveness and consists of exact matching of persistent
identifiers, then bibliographic fields, and then contextual information, validated by expert
judgment. The sole application of any fuzzy title matching, without additional corroboration,

is highly discouraged.

Reconciliation of identity is a critical service, for which ORCID is most appropriate.
ORCID’s design is open and researcher-centric, resulting in the persistent researcher
identifier being carried across systems and organizational boundaries. Integration of ORCID-
enabled systems offers the seamless linking of manuscript submissions and Crossref
submissions, as well as workflows offered by funders and workflows supported by research
and institutional repositories. Preliminary evidence presented by Ibrahim and Ramzy (2025)
suggests that the integration of ORCID may support enhanced retrievability and visibility. An
ORCID record, however, is not an up-to-date CV for the researcher and connected systems.
Profile completeness, settings, duplicate records, and mandatory registration must be
considered.

Bias based on discipline remains a concern. Journal-based databases flourish where journal
articles dominate scholarly communication. In computer science and engineering, conference
papers are more important. In the humanities and many social sciences, books and book
chapters are more important. In regionally based scholarship, local-language journals are

more important. In applied fields, policy reports, datasets, software, and other practice-based
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outputs are more important. In database comparisons across all disciplines, these biases can
be hidden. The primary study should, therefore, stratify by discipline and document type. The
primary study should also provide raw counts in addition to field-normalized and mission-
specific counts.

The impact on universities is clear. Different sources may rely on different outputs for
rankings, accreditation, annual reviews, and promotions. A single-source policy can
incentivize publishing in a restricted set of journals and devalue other outputs. The
universities should specify the database, the date of the search, the criteria for matching, and
how missing outputs were handled. Researchers should be given an opportunity to validate
their records before critical decisions are made based on these metrics.

The impact on librarians and research managers is just as important. Libraries maintain
authorities that link their researchers to ORCID, Scopus, ResearcherID, and local ID systems.
Research managers can implement regular profile management along with DOI clearing and
maintain research systems that link and fill outputs with valid institutional data. The goal
should not be to optimize a single metric, but to facilitate a more complete scholarly research

record.

Responsible research assessment requires quantitative evidence to support expert judgment.
DORA and the Leiden Manifesto are not anti-metrics, but are against misguided metrics and
metrics without context. A multi-source model is aligned with DORA and the Leiden
Manifesto because it reveals measurement uncertainty, whereas metrics without context tend
to conceal measurement uncertainty. The optimal model will use ORCID for researcher's
identification, at least two citation databases to capture research output, framework and career
sensitive measurement normalization with explicit treatment of missing data, and qualitative
assessment. When moving from a descriptive use of metrics to an evaluative use of metrics,
the use of context sensitive metrics, and engagement of the community who the metrics are
being used on, is of critical importance. (Pech& Delgado, 2021; Montazerian&Dorch, 2022;
Rafols, 2020).

The secondary synthesis being undertaken in this research is purposely limited in nature. It
does not create a new league table, nor does it generate inferential p-values from the
published percentages which are inconsistent with one another. It is not accurate to pool
percentages which cover different time periods, different document types, or span different
academic disciplines. Instead, this research captures benchmarks as they have been reported

and will develop a primary research protocol to formally test these benchmarks. This
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maintains the separation of evidence from proposed analysis, which is critical to the integrity

of research.

6.1 Recommended Multi-Source Model

For the model being proposed, institutional records and ORCID will serve as the identity
layer; Web of Science, Scopus, and Dimensions will serve as the coverage and citation layer;
Crossref and OpenAlex will serve as the DOI and Open-Data validation layers, and expert
review will serve as the decision layer. Metrics will be computed independently for each of
the sources prior to any harmonized summary. Harmonized datasets will contain the source-
specific metrics, which will be maintained in the dataset. Harmonized datasets will not

contain the undocumented maximum or average.

Identity layer Coverage layer Impact layer
ORCID + institutional IDs WoS + Scopus + Dimensions itations + normalized indicator:
Context layer Decision layer
Fidld, career stage, mission, langugge Efpert review + transparent metrifs

Figure 8. Recommended multi-source research-assessment model. Source: Author-

developed synthesis.

Table 8. Platform-specific strengths, limitations, and appropriate uses.

Platform Strengths Limitations Best-supported uses
o . lecti ; o .
Curated citation index; Selec IVe  COVETAZE: | - ontrolled bibliometric
i | subscription and . o s
Web of | cited-reference tools; . studies, citation tracing,
. . export  constraints; o1 . .
Science established field . longitudinal evaluation with
. database-specific .
analytics documented index set
profiles
Broad multidisciplinary | Source-specific Researcher/institution
Scopus coverage; mature | errors and  splits; | profiles, multidisciplinary
author/affiliation subscription output and citation analysis
www.ijarp.com p
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Platform Strengths Limitations Best-supported uses

profiles; journal and |constraints;  totals

citation metrics differ from WoS

) Filteri nd field

Broad linked data across |, - & @ 1 )

outputs grants  and harmonization Cross-domain research
Dimensions relate d’ entities: required; access tiers | intelligence, broad recall,

extensive discove > | affect export | grant—publication linkage

ry capability

P(e);:;;tielﬁt .open identity; ircliccz)orggrllete proﬁis(; Author disambiguation,
ORCID p . P trusted  linkage, system

interoperability; maintenance  vary; inteeration. profile validation

researcher control not a citation index & P

7. CONCLUSION

Scopus, Web of Science, Dimensions, and ORCID each capture and characterize different
constructs. The first three have bibliographic and citation infrastructures with different
philosophies of indexing; the latter supplies a persistent identity and attribution infrastructure.
Comparative studies conducted and verified between 2020 and 2025 suggest a considerable
shared core, showing meaningful variation in breadth of sources, citation links, impact
normalization, metadata, and author profiles. Dimensions tends to have greater breadth, Web
of Science a more exclusive curated collection, Scopus a breadth of coverage with developed
analytical profiles, and ORCID a strength in identity, linkage, and interoperability.
Concerning the research questions, the major inclusion of the shared core results in
substantial citation coverage overlap, with citation visibility depending on the platform and
varying by research domain. Rather than reflecting overall superiority of a single source, the
degree of completeness of metadata and the profiles of researchers in different domains and
subdomains are field dependent. ORCID contributes to both disambiguation and visibility of
researchers, but should not be considered a citation or exhaustive publication database.
Choice of database influences the metrics of researchers and institutes; therefore, a single
source may be justified in cases of a focused purpose.

Justifiable assessment of a research output framework should include at least two citation
databases and source-valued citations; authenticated author profiles through ORCID and
institutional records; a DOI-centered, first hierarchical approach to publication matching;
documented absence of data; field-specific statistics; and a blend of quantitative and
qualitative data. The citation framework must be contextually bound to the purpose of the

evalaution and aligned with the aims of the assessing research unit.
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8. RECOMMENDATIONS

1. Develop a strategy for database selection that requires evaluative justification for each
database.

2. Implement ORCID as the primary means of persistent research identity within a research
information system.

3. Capture data from Scopus, Web of Science, and Dimensions within a defined temporal
window and record the time of capture.

4. Keep citation counts and indicators for each source and do not replace them with
maximum, average, or consolidated values.

5. Implement a DOI-first approach, supplemented by normalized data for titles, affiliations,
co-authors, and source data, followed by extensive manual review.

6. Alongside total counts of publications, report overlap and unique records, as well as field-
level missing data.

7. For citation data with a skewed distribution, employ medians, percentiles, rank-order (non-
parametric) statistical tests, count models, and various forms of concordance (agree/disagree)
measures.

8. Organize data based on discipline, document type, or citation language, as well as career
stage and the institution's mission.

9. Offer the chance for researchers to challenge and/or defend their case before attribution of
outputs for evaluation to inform high-impact decisions.

10. Adapt assessment methodologies to the principles of DORA and the Leiden Manifesto, as

well as the principles of responsible, transparent, and verifiable assessments.

Table 9. Recommended multi-database assessment workflow.

Stage Required action Output
1. Define purpose, population, period, indicators, | Approved protocol and
Governance | access rights, and responsible-use rules. data-management plan
Create researcher roster and link ORCID, local Validated (dentit
2. Identity IDs, Scopus IDs, ResearcherIDs, Dimensions y
crosswalk
IDs.
. Export all platforms with saved queries, fields, | Immutable raw export
3. Retrieval . . .
versions, and timestamps. archive
4. Cleaning Normalize DOI, title, names, sources, institutions, Clean platform datasets
document types, dates.
5. Matching | Apply hierarchical rules and manual review; | Master publication table



http://www.ijarp.com/

International Journal Advanced Research Publication

Stage Required action Output

record confidence and exclusions.

Compute  coverage,  citations,  metadata,

. ; ... .. | Source-specific and
6. Analysis | agreement, regression, network and sensitivity p

harmonized results

analyses.
7 Validation Researcher.and expert review; inspect outliers | Validated analytical
and uncertain matches. dataset

Disclose source, date, limitations, missingness,

8. Reporting effect sizes, code, and decision context.

Reproducible report

9. LIMITATIONS

The major restriction here is the lack of direct proprietary exports. For this reason, new totals
of researcher-level publications, citation distributions, h-indices, network maps, regressions,
and hypothesis-test p-values cannot be included in the study. The other available evidence is
heterogeneous with regard to period, sample, field, and unit of analysis, thus meta-analytic
pooling would not be warranted. Official coverage of the platforms is dynamic, and currently
available documentation may not depict the state of the platforms in the years 2020-2025.
Citation counts are mutable, and ORCID profiles are researcher-controlled. Furthermore, the
subscription or API tier in question affects the fields available. The ordinal role matrix is a
qualitative synthesis and should not be cited as a formal rank. These limitations are stated
herein to illuminate the likely sources of illustrative material that would otherwise be

mistaken for proprietary data.

10. Future Research

Future research should carry out the protocol with matched exports from multiple institutions
across several countries. Citation snapshots taken longitudinally would allow for the
differentiation between database growth and the accumulation of citations. Research
concentrated on a specific field should include books, conference proceedings, journals in
regional languages, research datasets, research software, research policy, and practice-
oriented research. Additional studies should assess the impact of the trust markers and
automated-update features of ORCID on profile completion, the author disambiguation
accuracy on different platforms, the degree to which DOI and open metadata influence
inequity in research, and the impact of research source on promotion, funding, and ranking.

Where licensing allows, OpenAlex, Crossref, OpenCitations, national research information
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systems, institutional repositories, and citation networks should be used to add layers for

validation and reproducibility.
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